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•  Genetic correlation between traits: 

•  a result of shared QTL 

•  varies across the genome 

•  GBLUP assumes a constant correlation over the genome 

•  Bayesian multi-trait method accounting for heterogeneous 

(co)variances can provide higher accuracies 

•  Can be transferred to GBLUP with weighted relationship 

matrices, wGBLUP 
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Bayesian method assuming region specific (co)variances improved 

accuracies 
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wGBLUP yielded similar accuracies to Bayesian method 



Weighted Multi-Trait GBLUP 
 

Using (co)variance estimates from Bayesian models 
 

•  Bayesian methods are computationally intensive 

•  GBLUP can yield accuracies as high as Bayesian methods when 

SNPs are weighted accordingly 


